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Movement-related changes of ECoG.

Gamma band increases at the onset of movement (left). The spatial distribution of gamma power differs among different types

of movement (right).
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Fig. 2 An example of invasive motor BMI of Osaka University.

The cursor can be controlled on the PC display and robotic arm can be operated by “thinking”.
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Abstract

Brain-machine interface (BMI) - application to neurological disorders

Toshiki Yoshimine, M.D.”, Takufumi Yanagisawa, M.D.”, Masayuki Hirata, M.D.”

YDepartment of Neurosurgery, Osaka University Medical School

Brain-machine interface (BMI) is a new technology to receive input from the brain which is translated to operate a
computer or other external device in real time.

After significant progress during the recent 10 years, this technology is now very close to the clinical use to restore
neural functions of patients with severe neurologic impairment. This technology is also a strong tool to investigate the
mode of neuro-signal processing in the brain and to understand the mechanism of neural dysfunction which leads to the
development of novel neurotechnology for the treatment of various sorts of neurological disorders.

(Clin Neurol 2013;53:962-965)
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